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ABSTRACT
Soil-water characteristic curves (SWCCs) are important in terms of groundwater recharge, agriculture, and soil chemistry.
These relationships are also of considerable value in geotechnical and geo environmental engineering. Their measurement,
however, is difficult, expensive, and time-consuming. Many empirical models have been developed to describe the SWCC.
Statistical assessment of soil-water characteristic curve models found that exponential-based model equations were the
most difficult to fit and generally provided the poorest fit to the soil-water characteristic data. In this paper verification was
performed with 5 independent data for five different of soil textures. Fitting results were compared with the most widely
used models to assess the model’s performance. It was proven that the Van Genuchten (1980) model and Durner (1994)
provided greater flexibility and a better fit to data on various types of soil.

KEYWORDS: groundwater, recharge, agriculture, soil.

INTRODUCTION
Soil-water characteristic curve (SWCC) or Soil Moisture
Retention Curve represents the relationship between the
volumetric water content (θ) in pore space and the matric
suction (Lal and Shukla, 2004; Malaya and Sreedeep,
2010; Heshmati and Motahari, 2012; Nazari et al., 2018).
The soil-water characteristic curve is an important soil
property to understand and determine water movement in
soil, and useful to identify unsaturated soil behavior to
provide water to plant and water-holding capacity in
different matric suctions. Also, to estimate moisture
variables like field capacity, willing point and available
water which special variables dependent upon on the soil
type. Those variables are useful to calculate required water
irrigation water quantity (Sreedeep and Singh, 2005;
Gallage and Uchimura, 2010; Shorafa et al., 2010; Rao
and Singh, 2010; Abbaspour et al., 2012). Soil-water
characteristic curve (SWCC) indirectly allows for the
determination of unsaturated soil properties. There are
several methods available to express Soil-water
characteristic curve using water content (w) or volumetric
water content (θ) or effective saturation (Θ) (Fredlund,
2002; Fredlund et al., 2011). We can use water content in
mechanical processes, and volumetric water content in
agricultural and theoretical processes take into account the
soil density and water content. The effective saturation is
another term commonly used to indicate the percentage of
the voids that are filled with water. The above variables
have also been used in a normalized form where the water
contents are referenced to residual water content (or to
zero water content) (Fredlund, 2002).
Numerous empirical equations have been proposed to
simulate the soil-water characteristic curve to describe it
based on pores size distribution which can describe soil

water content within specific matric sections some of these
questions are:
1. Brooks and Corey’s Model (1964) (BC model): Brooks
and Corey’s model is among the earliest equations
proposed for the soil-water characteristic curve and
remains a popular model where it is in the form of a
power-law relationship. The model is given by the
following equation:Θ = ψh (1)
Ψ > hb

Θ= 1   Ψ ≤ h
The equation uses two fitting parameters, namely,ℎ and

. Parameterℎ is related to the air entry value of the soil.
The parameter is termed the pore size index and is
related to the pore size distribution of the soil. The model
is assumed to be constant for suctions less than the air
entry value. The soil water characteristic curve is assumed
to be an exponential decreasing function at soil suctions
greater than the air entry value (Sillers et al., 2001). Rooks
and Corey model can be written as follows:

h (2)
The Brooks and Corey model is relatively simple and thus
widely used (Song et al., 2013); but the model does not
provide a continuous mathematical function for the entire
soil-water characteristic curve (Sillers et al., 2001).
2. Van Genuchten (1980) Model (VG model): The most
widely adopted used is the closed form that proposed by
Van Genuchten, to describe soil moisture characteristic
curve in disturbed and undisturbed soil (Leech et al.,
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2006), even in organic soils (Naasz et al., 2005) by using
this model we can get a high fit between measured and
fitted data (Cornelis et al., 2005) also the ability to predict
Unsaturated hydraulic conductivity and to calculate Soil
water diffusivity. The Van Genuchten model can
mathematically be described as follows:

Where is related to the inverse of air entry value, the
parameter is related to the pore size distribution of the soil,
and the parameter is related to the asymmetry of the
model.Where and parameters in the SWCC equation can
have a fixed relationship with:

By substituting (4) into (3), we can write the volumetric
water content form of the Van Genuchten model as:

The Van Genuchten model has a complex form and relies
on more fitting parameters than the models discussed

above. However, it produces a continuous output in the
unsaturated zone and provides a good description of the
soil-water characteristic curve under most circumstances
(Song et al., 2013).

3. Fredlund and Xing (1994) Model (FX model): an
empirical model, to describe soil moisture characteristic
curve with high fitting with Sandy and Clay Loam soils.

θ(w) = θln e + ψa (5)
Where a = ψi, a soil parameter dependent on AEV.

4. Durner (1994) (DB model): Durner (1994) developed a
multimodal retention function, constructed by a linear
superposition of subcurves of the VG model, as shown in
the DM model. The basic idea of Durner’s method is that
the soil water retention curve of soils having a
heterogeneous pore structure can be expressed as a
superposition of the curves of a homogeneous pore
structure. Any homogeneous pore structure model can be
used for the base model, for which Durner selected VG
mode l.

Se = θ − θ
θ − θ

w [1 + (α |ψ| )1 ψ=0, ψ≥0 (6)
Where k is the number of "subsystems" that form the total
pore-size distribution, and wi are weighting factors for the
sub curves, ubject to 0 < wi < 1 and Σwi = 1. As for the

unimodal curve, the parameters of the subcurves (αi, ni,
mi) are subject o the conditions αi > 0, mi > 0, ni > 1. We
explicitly do not impose the additional constraint mi+1/ni
= 1.

5. Kosugi (1996) Model (LN model): OR Lognormal
Distribution Model. The last SWCC model considered is
based on the model suggested by Kosugi (1996). This
model was developed by applying a lognormal distribution
law and its parameters are directly related to the soil pore
radius distribution. The lognormal distribution model by
Kosugi is described as follows:

Θ = Q ln ψhσ (7)
Where Q is related to the complementary error function,
erfc, and defined as:

(x) = erfc x√22 (8)
The model uses two fitting parameters, namely,ℎ and .
Parameter ℎ is a capillary pressure head related to the
median pore radius and is a dimensionless parameter
related to the width of the pore radius distribution. By

substituting (1) into (7), we can write the volumetric water
content form of the lognormal distribution by Kosugi:

θ = θ + (θ − θ )Q ln ψhσ (9)
The lognormal distribution model has a more complex
form because of the complementary error function present
and thus it is difficult to use. The model does, however,
have greater flexibility in terms of representing the soil-
water characteristic curve in the wet and dry regions for all
soil types (Sillers et al., 2001).
6. Seki (2007) Model (BL model): Seki (2007) proposed a
multimodal pore-size distribution model, combining the
ideas of Durner and Kosugi:

Se = Q [(lnψ/ψmi)/σi] (10)
Where (0<wi<1, Σwi = 1). The special case of k = 2 can be
termed as a bimodal log-normal pore-size distribution.

MATERIALS AND METHODS
Five different-texture soil samples were taken from fields
and all sample of disturbed soil were taken from the Ap
horizon (0-30 cm). Sandy Loam (SL), Loam (L), Sandy
Clay Loam (SCL), and Clay (C) samples were air dried
up, ground and sifted with a sieve of 2 mm diameter
sieve’s holes. Table (1) shown some soil physical
properties.
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TABLE 1. shown some soil physical properties
Property Soil samples

Sandy Loam Loam Sandy Clay Loam Silt Loam Clay
Sand (%) 71.20 38.78 65.20 20.49 7.50
Silt (%) 12.40 35.64 11.10 60.66 35.30
Clay (%) 16.40 25.88 23.70 18.85 57.20
Bulk Density 1.55 1.52 1.45 1.38 1.21
KS 1.083 2.560 2.241 1.260 0.252

The relation between volumetric water content θ and
matric section ψ were estimated for the soil samples. A
Tempe cells have been used to measure the moisture
content at matric section between 1-1000 cm, and a
pressure plate apparatus in the range -2500 to -15000 cm.
soil moisture were calculated according to Soil Lab (2003)
No. 415 (Tuller and Or, 2003).

Six models used to describe the relation between θ and ψ:
Brooks and Corey’s Model (1964) (BC model), Van
Genuchten (1980) Model (VG model), Fredlund and Xing
(1994) Model (FX model), Durner (1994) (DB model),
Kosugi (1996) Model (LN model), and Seki (2007) Model
(BL model) using “SWRC Fit,” to performs nonlinear
fitting of soil water 5 retention SWCCs. Parameters of the
SWCC models showed in table (2).

TABLE 2. Parameters of the SWCC models
Models Parameters
BC hb, λ
VG α, n, m
FX a, m, n
DB w1, α1, n1, α2, n2

LN hm, σ
BL w1, hm1, σ1, hm2, σ2

Quantitative statistical parameters were calculated and
analysis of residual errors, and differences between
measured and predicted values to evaluate the accuracy of
predicted results and reliability of fitted results by using 6
hydraulic models (Homaee et al., 2002; Mohamed and
Sahli, 2006; Khodaverdiloo and Homaee, 2011; Obiero et
al., 2013, Naji, 2014, de Almeida et al., 2015):

Classic Coefficient of Determination (R2):R = 1 − ∑ θ − θ∑ θ − θ
(11)

 Root Mean Squared Error of θ (RMSEθ): RMSE value
shows how much the fitting overestimates or
underestimate the measurements.

 Mean Absolute Error (MAE): MAE small values which
indicated a high significant fitting between measured and
fitted values. (13)

 Coefficient of Determination (CD): coefficient of
determination (CD) gives the ratio between the scatter
of the fitted values and of the measurements.

EF = ∑ θ − θ − ∑ θ − θ∑ θ − θ
(15)

Coefficient of Residual Mass (CRM): RM is a measure of the tendency of the model to overestimate or underestimate the
measurements.

ε = θθ (17)
 Geometric Mean of Error Ratio (GMER): GMER values were less than 1 indicates that the corresponding model

overestimates fitted data.

� Error Ratio (ε):

Modeling Efficiency (EF): EF value compares the fitted
values to the averaged measured values, negative EF
values indicate that the averaged measured values give a
better estimate than the fitted values.
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GMER = exp 1n ln(ε ) (18)
 Geometric Standard Deviation of Error Ratio (GSDER): GSDER indicates deviation values of fitted values from

measured values.

GSDER = exp 1n − 1 [ln(ε ) − ln(GMER)] (19)
Where θm measured volumetric water content (cm3.cm-3), θf fitted volumetric water content (cm3.cm-3), and n numbers of
data.

determination (R2) [Eq. 11] values were higher VG, DB,
and BL models respectively. R2 lowest values concurring
to BC model for all soil types. Root Mean Squared Error

of θ (RMSEθ) [Eq. 12] RMSE values showed how much
the fitting overestimates or underestimate the
measurements. RMSEθ results gave very small values
which indicated a high significant fitting between
measured and fitted values for all soil samples by using six
fitting models, BC, VG, FX, DB, LN, and BL respectively
(table 3). RMSEθ showed the differences between
measured and fitted values for all soil matric range
SWCCs fitting models are very small and statistically
insignificant, the smaller (closer to 0) the RMSE value
was, the better the model was (Homaee et al., 2002;
Mohamed and Sahli, 2006; Khodaverdiloo and Homaee,
2011; Obiero et al., 2013, Naji, 2014, de Almeida et al.,
2015). According to RMSEθ and MAE [Eq. 13] showed
that VG and DB models were better performance from the
other models for all soil types and BG model was the less
(table 3).

RESULTS AND DISCUSSION
Fig. (1) showed relationships between θ and ѱ for
measured and fitted SWCCs for five different soil types by
using six fitting models, BC, VG, FX, DB, LN, and BL
respectively. Results revealed there are differences
between measured and fitted Fig. (2) represented 1:1
correlation between measured and fitted of SWCC for six
fitting models which showed a good correlation between
the measured and fitted data, through high correlation
coefficients for all soil samples.
Table (3) showed fitting parameters for five different soil
types by using six fitting models. Table (3) showed that
saturated water continent values were the lowest by using
BC models for all soil types. The classic coefficient of



I.J.S.N., VOL.10 (1) 2019: 18-25 ISSN 2229 – 6441

22

FIGURE 1. The SWCCs fitting models for five soil types

FIGURE 2. Correlation between measured and fitted of SWCC for six fitting models
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FIGURE 3. RMSEɵ of the SWCC fitting models

Other quantitative statistical parameters were calculated
and analysis of residual errors, differences between
measured and fitted values, the results showed in the table
(3). The coefficient of determination (CD) [Eq. 14] gives
the ratio between the scatter of the fitted values and of the
measurements. CD results showed significant values (less
1 and higher than 1) indicated a high significant fitting
between measured and fitted values for all soil samples by
using six fitting models. Modeling efficiency (EF) [Eq.
15] value compares the predicted values to the averaged
measured values. EF gave negative values for all soil
samples, negative EF values indicate that the averaged
measured values give a better estimate than the fitted
values, and positive EF values indicate that the averaged
fitted values give a better estimate than the values
measured (Khodaverdiloo and Homaee, 2011; Naji, 2014),
while Coefficient of residual mass (CRM) [Eq. 16] is a
measure of the tendency of the model to overestimate or
underestimate the measurements. The negative CRM
showed a tendency to overestimate whereas the positive
CRM indicate a tendency to underestimate. Error ratio (ε)
[Eq. 17] results showed some ε parameter values were less
than 1 which indicated the fitted values underestimated,
while the values higher than 1 indicated fitted values
overestimated. The geometric mean of error ratio (GMER)
[Eq. 18] values were less than 1 indicates that the
corresponding model overestimates fitted data, in other
hand the values higher than 1 indicates that the
corresponding model underestimate fitted data. Geometric
standard deviation of error ratio (GSDER) [Eq. 19]
indicates deviation values of predicted values from
measured values, all GSDER values were greater than 1
indicates that the corresponding model overestimates fitted
data, table (3).
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